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 Data of experimental core study for a number of fields of Bashkirian dome is analyzed. Dependencies between parameters of
porosity, bulk density and permeability of rocks are established. A representative series of core samples of Visean sandstone are 
divided into classes of tight formations (non-reservoirs), porous (granular) and super permeable reservoirs by linear 
discriminant analysis. Application of rock density parameter as an additional criterion to predict permeability values is justified.
Each class of reservoirs was statistically analyzed. It is determined that permeability of tight formations (1st class) and super-
permeable reservoirs (3rd class) is much less controlled by rock porosity and density than for porous reservoirs (2nd class), that is 
characterized by stable relationships between permeability coefficients with both porosity and density of rocks. 
A suggested permeability prediction technique is implemented in construction of a fluid flow model of Visean formation at 
one of Bashkirian dome deposits where for each reservoir class, multidimensional regression equations were constructed to
determine permeability based on integrated effect of porosity and density. A comparison of two calculations of fluid flow 
models is given. During first calculation permeability is determined by a conventional method. Second calculation is
performed by a proposed method where permeability is a function of porosity and density of rocks. 
Calculations showed a significant improvement in adaptation of a modified model in comparison with conventional
approach. Proposed permeability modeling technique is recommended as an initial step in permeability tuning and
adaptation of fluid flow model, which consider identified relationships between petrophysical characteristics of a formation.
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 Выполнен анализ данных лабораторных исследований керна для ряда месторождений Башкирского свода.
Установлены зависимости между параметрами пористости, объемной плотности и проницаемости горных пород.
Представительная выборка образцов керна песчаника визейских пластов при помощи линейного
дискриминантного анализа разделена на классы плотных пород (неколлекторов), поровых (гранулярных)
коллекторов и коллекторов с аномально высокой проницаемостью. Представлено обоснование использования 
параметра плотности породы в качестве дополнительного критерия прогнозирования значений проницаемости. 
Для каждого выделенного класса коллекторов выполнен статистический анализ, в результате которого
установлено, что для плотных пород (1-й класс) и коллекторов с аномально высокими коллекторскими свойствами 
(3-й класс) проницаемость в значительно меньшей степени контролируется пористостью и плотностью пород, чем
для порового коллектора (2-й класс), который характеризуется устойчивыми связями коэффициентов 
проницаемости не только с пористостью пород, но и с их плотностью. 
Предложенная методика прогнозирования проницаемости реализована при построении фильтрационной модели
визейского объекта на одном из месторождений Башкирского свода, где для каждого класса коллекторов 
построены многомерные уравнения регрессии для определения проницаемости на основе комплексного влияния
показателей пористости и плотности. Приведено сравнение двух расчетов геолого-гидродинамических 
(фильтрационных) моделей: в первой реализации модели проницаемость определена стандартным методом, во 
второй – по предложенной методике рассчитана как функция от пористости и плотности пород. 
Результаты сравнения расчетов показывают значительное улучшение адаптации модифицированной модели по
сравнению со стандартным подходом. Предложенная методика моделирования проницаемости рекомендуется как
начальный шаг при настройке проницаемости и адаптации фильтрационной модели, при котором комплексно
учитываются выявленные связи между петрофизическими характеристиками эксплуатационного объекта. 
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Introduction 

Increase in the accuracy of determination of 
reservoir properties and their distribution in space 
between wells is an important task during building 
geological and fluid flow models. Laboratory, 
geophysical, hydrodynamic studies and their 
aggregate allow determining main formation 
characteristics. According to a number of 
researchers, reliable evaluation of permeability 
coefficient k is the main factor for good quality 
history matching in fluid flow model [1–3]. 

Well test data or petrophysical functions of 
porosity k = f(Kp) are used during determination of 
k. Both methods have their pros and cons. For 
example, use of well test allows complete (in 
comparison with other methods) modelling 
reservoir operation regime, i.e. it takes into 
account its vertical and horizontal heterogeneity. 
But statistically representative and reliable results 
of well test for all the wells are presented on the 
object of study not always [4]. Weak correlation of 
petrophysical functions k = f(Kp) is the main issue. 
In general, when applying both approaches 
convergence of comparison of actual and design 
development indicators does not always 
correspond to necessary requirements. One of 
important directions of scientific research is 
improvement of quality of modeling of reservoir 
flow properties [5–8]. 

As it was mentioned above there are objective 
issues arised often due to lack of tight link of 
parameters when assessing permeability through 
the petrophysical function k = f(Kp). If the function 
k = f(Kp) is exponential, it is impossible to 
substantiate various relationships between k and Kp 
at different ranges of Kp values. 

Analysis of representative series  
of petrophysical data 

In order to identify more significant links 
between reservoir petrophysical characteristics an 
analysis of laboratory data on 626 core samples of 
Visean deposits, represented by sandstone, was 
performed for a number of deposits in Perm 
Region, dedicated to the same tectonic element 
(Bashkir dome). At the same time, the effect of 

both porosity and rock density ρ on permeability 
was analyzed. Values of rock permeability, density 
and porosity, determined from laboratory core 
studies, are combined into a single statistical 
sample to enable development of a methodology 
necessary for description of k using integrated 
application of laboratory studies in particular when 
adding rock density to analysis. 

Density of rocks depends on their mineral 
composition, structural and texture features, 
porosity, fracturing as well as on formation and 
bedding conditions. Use of this parameter in 
forecast of permeability will allow taking into 
account additional features of void space structure 
of rocks that belong to the same age. 

Justification on separation of representative 
series into classes of porosity 

Correlation fields between studied indicators 
are constructed based on an example of Visean 
sandstones of one of Bashkir dome deposits  
(Fig. 1, a-c). Practical application of a 
methodology developed in the article will be 
presented on this object. 

Fig. 1 shows that correlation between Kp and ρ 
is inverse and fairly linear, while in a number of 
cases there is a wide range of values. Unlike the 
previous example, link between k and Kp and ρ in 
both cases is characterized by obvious 
nonlinearity. There are three sections of various 
parameter function are distinguished on the Fig. 1, 
a. In case if Kp < 10 %, porosity values have a 
significant range and k takes extremely low values. 
In case if 10 < Kp < 20 % both Kp and k vary 
significantly and correlate with each other. In case 
if Kp > 20 %, the values of Kp vary slightly, 
whereas k has a very large change range. The 
dependence of k on ρ is characterized by an almost 
mirror image of the dependence of k on Kp.  

In order to obtain more reliable analysis results 
data from a number of deposits of Bashkir dome 
was used. 

For the entire series of data, a graph of change 
in pair correlation coefficient r was built for each 
parameter pair over the whole range of porosity 
values (from the minimum to the maximum set 
value of Kp) (Fig. 2). 
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Fig. 1. Correlation fields: a – Kp and k; b – ρ and k;  
c – ρ and Kp for one of the fields of Bashkir dome 

Analysis of this functions alows to say that 
values of r vary significantly depending on 
considered range of variation of Kp. That indicates 
a selective influence of the parameters on each 
other. 

For a complex estimation of influence of values 
of Kp and ρ on k, according to visual analysis of 
correlation fields series was devided into three 
classes. The first class includes cores samples with 
low reservoir properties that are below  

 

Fig. 2. Change in values of the pair correlation  
coefficient r between Kp and k; ρ and k; ρ and Kp  

for a number of fields of Bashkir dome 

boundary values of flow (non-reservoir). The 
second class includes those values within 
correlation fields, where there is a significant 
connection between Kp and k, ρ and k. In this class 
values of Kp, ρ and k are significantly higher than 
in the first class. That reflects pore reservoir. The 
third class includes reservoirs with abnormally 
high values of reservoir properties ("super 
reservoirs"). 

Quantitative boundaries of distinguished 
classes are determined using linear discriminant 
analysis (LDA) [9-16]. The possibility of using 
LDA for solving similar problems is given in 
[17]. With help of visually selected areas linear 
discriminant functions are sequentially 
calculated, along which recognition is 
determined until the entire series is completely 
divided into classes. Discriminant analysis 
allows finding transformations of several 
variables into a single discriminant number. To 
solve this challenge two discriminant functions 
have been constructed, according to which the 
values of Z1 and Z2 are calculated. A ratio of Z1 
and Z2 is shown in Fig. 3. 

Class 1 differs from class 2 by values of Z2. 
Class 2 differs from class 3 by values of Z1. Thus, 
multidirectional values of Kp and ρ influence k 
(determined in laboratory) all the time and by 
different ways over the whole range of values.  

According to results of classification,  
35 definitions are assigned to the first class, 460 
are assigned to the second class and 131 are 
assigned to the third. Average values of parameters 
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in the allocated classes differ significantly from 
each other (Table 1). 

 

Fig. 3. Ratio of Z1 and Z2 

T a b l e  1  

Statistical characteristics of values of k, Kp, ρ by 
classes (average values of indicators ± σ) 

Indicator Class 1 Class 2 Class 3 
k, mD 0.97 ± 1.05 646 ± 316.6 1026.8 ± 770.8 
Kp, % 4.1 ± 2.03 17 ± 4.32 21.2 ± 2.4 
ρ, g/cm3 2.55 ± 0.12 2.23 ± 0.19 2.15 ± 0.2 

 
Table 2 shows correlation coefficients r 

between parameters for selected classes. 

T a b l e  2  

Correlation matrix for selected classes  

Indicator k, mD Kp, % ρ, g/cm3 

k, mD 
1.00 
1.00 
1.00 

0.13 
0.52 

–0.01 

–0.08 
–0.52 
0.06 

Kp, %  
1.00 
1.00 
1.00 

–0.41 
–0.55 
–0.66 

ρ, g/cm3   
1.00 
1.00 
1.00 

R e m a r k s : top line – class 1; middle line – class 2; 
bottom line – class 3. 

 
Analysis of values of correlation coefficients 

shows that maximum influence of Kp and ρ on 
values of k is provided by data for class 2. Low 
values of r prove that there is minimal influence of 
Kp and ρ on k for classes 1 and 3. 

 

Building of multidimensional  
models for Visean object for one  

of Bashkir dome field 

For complex prediction of permeability 
estimation multiple regression method [18-26] was 
applied. Possibilities of a method for solving 
similar problems are considered in [27].  

Multidimensional regression equations are 
constructed to predict permeability of each class:  

class 1: k = 13.9 + 4.3Kp – 9.34ρ; R = 0.287, 
class 2: k = –493.4 + 48.9Kp – 42.2ρ; R = 0.685, 
class 3: k = 1350.2 + 38.6Kp – 52.2ρ; R = 0.121. 
It is clear that for the class of dense rocks due to 

the absence of oil reserves in them, construction of 
prediction dependence of permeability estimation for 
tasks assigned is not so relevant. Evaluation of 
reservoir properties in terms of wells with 
anomalously high permeability is extremely 
important in describing such processes as premature 
watering, water breakthroughs or extremely high 
fluid and oil flow rates in single wells [28]. However, 
for the study area their fraction, according to [29], for 
pore-type reservoirs does not exceed 3 %. During 
three-dimensional modeling the type of a pore 
reservoir is predominant. Identification of 
relationships between parameters for that type is 
most significant in terms of development of a method 
for tuning a model in the space between wells. 
Development of reliable permeability estimation for 
pore-type reservoirs for majority of wells will 
significantly improve efficiency of geological and 
hydrodynamic modeling. 

Application of the proposed method  
to build a fluid flow model of a field 

Practical use of this technique was performed 
during building of geological and fluid flow 
models of the Tl-Bb object of one of the Bashkir 
dome fields. 

During building a three-dimensional flow 
model of an object two calculations are performed 
which are as follow: the first case with the initial 
permeability cube, according to a standardized 
formula Ln(k) = 0.712Kp – 9.2516 [30], the second 
case with a modified permeability cube from 
obtained regression equations for selected classes. 
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Study of statistical relationships of permeability 
of a Tl-Bb reservoir of one of the fields has been 
performed on 152 definitions of core values (K-core), 
according to well logging (k-WL), according to the 
developed methodology (k-Kp, ρ). A comparison of 
average permeability values determined by different 
methods is presented in Table 3. 

Table 3 

Comparison of mean values of k determined  
in different ways 

Average value of indicators 
Statistical characteristics of 

indicators 

k-core, 
mD 

k-WL, 
mD 

k-Kp,  
ρ, mD 

t between 
k-WL and k-Kp 

ρ  

t between 
k-core and k-Kp

ρ  
476.9 ±  
± 239.1 

605.7 ±  
± 556.9 

462.9 ±  
± 196.4 

2.62 
0.009 

0.15 
0.539 

 

Comparison of average values of k-core and k-
Kp, ρ showed that they are statistically 
indistinguishable. The correlation coefficient 
between k-core and k-WL is 0.41, correlation 
coefficient between k-core and k-Kp ρ is 0.75. 

During modeling of rock density in three-
dimensional space of a geological and fluid flow 
model a high correlation coefficient between  
Kp and ρ for the field under study is taken into 
account. Density is determined as a function  
of Kp and calculated for each cell of fluid flow 
model: ρ = 2.616 – 0.0247 Kp, R

2 = 0.907. 
Parameter k was calculated based on regression 

equations for each porosity class in a three-
dimensional fluid flow model of a Tl-Bb object of a 
studied field. When k was distributed according to 
the proposed procedure (k-Kp, ρ) there was the best 
convergence obtained in a fluid flow model between 
calculated and actual data on oil production (Fig. 4) 
with respect to calculation with k, determined by well 
logging (k-WL). Permeability distribution was 
performed as the initial step of history matching 
without additional tuning of each well configuration.  

Comparison of k-WL with k-Kp, ρ shows that 
there is a smaller spread of values of the parameter 
obtained by the presented method (Fig. 4). This 
allowed not to set high permeability values in a 
fluid flow model and to exclude unjustified 
inhomogeneity in the distribution of the parameter 
in space between wells. 

 

Fig. 4. Comparison of real and estimated annual oil 
production for an entire object 

 

Fig. 5. Comparison of permeability by wells  
according to well logging (k-WL) and calculated  

by the proposed method (k-Kp, ρ) 

There are calculations of annual oil 
production for a number of high production 
wells below operating at the initial period of 
development of a Visean object of the studied 
field (Fig. 6).  

It should be noted that the best convergence of 
calculated and real oil production rates by the 
proposed method was obtained at the initial 
moment of field development (see Fig. 4, 6). 
Ususally this period is characterized by no water in 
well production. So, there is a flow of one fluid. 
That flow tells about the absolute permeability of a 
rock (the one that is directly determined by 
petrophysical studies). During further development 
of the field two-phase fluid flow is described and 
controled by phase permeability. The most 
adequate value of k in the late stages of field 
development is determined by results of well test, 
but this definition of permeability can rather be 
attributed to dynamic characterization of a 
reservoir, since this value can change over time as 
a result of ongoing geological and technical 
measures and a change in state of a bottomhole 
formation zone.  
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Fig. 6. Comparison of real and estimated annual oil production by wells n1–n6 

Sometimes determination of k by well test is 
not enought for a correct distribution of k over an 
area and section of a field. During building of a 
three-dimensional fluid flow model of a field it is 
most important to determine absolute permeability 
of a reservoir (static parameter).  

Conclusion 

The paper shows that in a number of porous 
reservoirs permeability largely depends on density 
of rock among other things. As a result, the 
methodology for taking into account rock density 

with a permeability prediction was proposed for 
the first time. It significantly increases reliability 
of permeability evaluation in comparison with a 
logarithmic function on porosity. Influence of rock 
density in determination of permeability was not 
taken into account previously.  

The proposed approach of predicting 
permeability has a much better convergence of a 
fluid flow model with development history, 
especially at initial period of time. First, this makes 
a geological and fluid flow model more reliable. 
Secondly, it can significantly reduce time of 
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permeability tuning when adapting a fluid flow 
model. So, there is no need of manual permeability 

adjustment that is always subjective and has no 
geological justification.  

References 

1. Khalimov E.M. Detal'nye geologicheskie modeli i 
trekhmernoe modelirovanie [Detailed geological models 
and three-dimensional modeling]. Neftegazovaia 
tekhnologiia. Teoriia i praktika, 2012, vol.7, no.3, 17 p. 

2. Rezvanov R.A., Smirnov O.A. Tipizatsiia 
kollektorov kak sredstvo povysheniia tochnosti 
opredeleniia pronitsaemosti [Reservoirs typification as a 
means of improving the permeability determining 
accuracy]. Neftianoe khoziaistvo, 2013, no.2, pp.42-45. 

3. Koshovkin I.N., Belozerov V.B. Otobrazhenie 
neodnorodnostei terrigennykh kollektorov pri postroenii 
geologicheskikh modelei neftianykh mestorozhdenii 
[Display of inhomogeneities in terrigenous reservoirs in 
the construction of geological models of oil fields]. 
Izvestiia Tomskogo politekhnicheskogo universiteta, 2007, 
vol.310, no.2, pp.26-32. 

4. Boganik V.N., Medvedev A.I., Medvedeva A.Iu., 
Pestrikova N.A., Pestov V.V., Reznichenko V.A., 
Iarmetov V.L. Metodika perekhoda ot srednei kernovoi 
pronitsaemosti k “istinoi” [The technique of transition 
from the average core permeability to "true" one]. 
Tekhnologii TEK. Neft' i kapital, 2005, no.1, рр.29-64. 

5. Mangazeev V.P., Belozerov V.B., Koshovkin I.N., 
Riazanov A.V. Metodika otobrazheniia v tsifrovoi 
geologicheskoi modeli litologo-fatsial'nykh osobennostei 
terrigennogo kollektora [Method of mapping in the digital 
geological model of lithologic-facies features of the 
terrigenous reservoir]. Neftianoe khoziaistvo, 2006, no.5, 
pp.66-70. 

6. Bobrov S.E., Evdoshchuk A.A., Rozbaeva G.L. 
Povyshenie tochnosti prognoza pronitsaemosti na osnove 
vydeleniia klassov kollektorov i ikh izucheniia v ob"eme 
plasta Hx-I Suzunskogo mestorozhdeniia [Improving the 
accuracy of the permeability forecast based on the 
separation of reservoir classes and their study in the 
reservoir volume of the Hx-I of the Suzun deposit]. 
Neftianoe khoziaistvo, 2013, no.2, pp.46-49. 

7. Hovadik J.M., Larue D.K. Static characterization of 
reservoirs: refining the concepts of connectivity and 
continuity. Petroleum Geoscience, 2007, vol.13, pp.195-
211. DOI: 10.1144/1354-079305-697 

8. Deriushev A.B. On the need to compare geological 
and hydrodynamic characteristics of a deposit using  
3D modelling as exemplified by the Tl2-b pay bed  
of the Nozhovskoie oil field. Bulletin of Perm National 
Research Polytechnic University. Geology. Oil &  
Gas Engineering & Mining, 2014, no.13, pp.15-25.  
DOI: 10.15593/2224-9923/2014.13.2 

9. Davis J.C. Statistics and data analysis in geology. 
3rd ed. John Wiley & Sons, 2002, 656 p. 

10. Vistelius A.V. Osnovy matematicheskoi geologii 
[Fundamentals of mathematical geology]. Leningrad, 
Nedra, 1980, 389 p. 

11. Devis Dzh.S. Statisticheskii analiz dannykh v 
geologii [Statistical analysis of data in geology]. Book 1. 
Moscow, Nedra, 1990, 319 p. 

12. Devis Dzh.S. Statisticheskii analiz dannykh v 
geologii [Statistical analysis of data in geology]. Book 2. 
Moscow, Nedra, 1990, 426 p. 

13. Afifi A.A., Eizen S.P. Statisticheskii analiz. 
Podkhod s ispol'zovaniem EVM [Statistical analysis. 
Approach using a computer]. Moscow, Mir, 1982, 488 p. 

14. Lagutin M.B. Nagliadnaia matematicheskaia 
statistika [Visual mathematical statistics]. Moscow, 
BINOM. Laboratoriia znanii, 2007, 472 p. 

15. Veroiatnost' i matematicheskaia statistika: 
entsiklopediia [Probability and mathematical statistics: 
encyclopaedia]. Ed. Iu.V. Prokhorov. Moscow, Bol'shaia 
rossiiskaia entsiklopediia, 2003, 912 p. 

16. Eliseeva I.I., Iuzbashev M.M. Obshchaia teoriia 
statistiki [General theory of statistics]. Ed. I.I. Eliseeva. 
Moscow, Finansy i statistika, 2002, 480 p.  

17. Galkin V.I., Ponomareva I.N., Repina V.A. Study 
of oil recovery from reservoirs of different void types with 
use of multidimensional statistical analysis. Bulletin of 
Perm National Research Polytechnic University. Geology. 
Oil & Gas Engineering & Mining, 2016, vol.15, no.19, 
pp.145-154. DOI: 10.15593/2224-9923/2016.19.5 

18. Dreiper N., Smit G. Prikladnoi regressionnyi 
analiz [Applied regression analysis]. Moscow, Vil'iams, 
2007, 912 p. 

19. Aivazian S.A. Prikladnaia statistika i osnovy 
ekonometriki [Applied statistics and the foundations of 
econometrics]. Moscow, Iuniti, 2001, 432 p. 

20. Gmurman V.E. Teoriia veroiatnostei i matematiches-
kaia statistika [Theory of probability and mathematical 
statistics]. Moscow, Vysshaia shkola, 2004, 479 p. 

21. Obshchaia teoriia statistiki [General theory of 
statistics]. Ed. R.A. Shmoilova. Moscow, Finansy i 
statistika, 2002, 560 p.  

22. Dement'ev L.F. Sistemnye issledovaniia v 
neftegazopromyslovoi geologii [System studies in oil and 
gas field geology]. Moscow, Nedra, 1988, 204 p. 

23. Pang-Ning Tan, Michael Steinbach, Vipin Kumar. 
Introduction to data mining. Boston, Pearson Addison 
Wesley, 2005, 769 p. 

24. Afifi A., May S., Clark V.A. Practical multivariate 
analysis. Fifth ed. Chapman and Hall/CRC, 2011, 537 p. 

25. Dement'ev L.F. Sistemnye issledovaniia v 
neftegazopromyslovoi geologii [System studies in oil and 



ISSN 2224-9923. Perm Journal of Petroleum and Mining Engineering. 2017. Vol.16, no.2. P.104-112 

ISSN 2224-9923. Вестник ПНИПУ. Геология. Нефтегазовое и горное дело. 2017. Т.16, №2. С.104–112 

111

gas field geology of oil and gas field geology]. Moscow, 
Nedra, 1988, 204 p. 

26. Rodionov D.A., Kogan R.I., Golubeva V.A. et al. 
Spravochnik po matematicheskim metodam v geologii 
[Handbook of mathematical methods in geology]. 
Moscow, Nedra, 1987, 335 p. 

27. Galkin S.V., Poplaukhina T.B., Raspopov A.V., 
Khizhniak G.P. Otsenka koeffitsientov izvlecheniia nefti 
dlia mestorozhdenii Permskogo kraia na osnove 
statisticheskikh modelei [Estimation of oil recovery ratios 
for Permskiy Region fields on the basis of statistical 
models]. Neftianoe khoziaistvo, 2009, no.4, pp.38-39. 

28. Nikolaev M.N., Ermilov E.V, Gnilitskii R.A., 
Sagaidachnaia A.S., Konienko S.A. Kompleksirovanie 
istoricheskikh dannykh pri obosnovanii prostranst-
vennogo rasprostraneniia i fil'tratsionnykh svoistv 
vysokopronitsaemykh intervalov v razreze plasov 

sherkalinskoi svity Talinskoi ploshchadi [Compilation of 
historical data in support of spatial distribution and 
filtration properties of high-permeability intervals in the 
section of the placers of the Sherekalinskaya Formation of 
the Talinskaya area]. Neftianoe khoziaistvo, 2013, no.3, 
pp.28-31. 

29. Poplygin V.V., Galkin S.V. Prognoznaia ekspress-
otsenka pokazatelei razrabotki neftianykh zalezhei 
[Forecast quick evaluation of the indices of the 
development of the oil deposits]. Neftianoe khoziaistvo, 
2011, no.3, pp.112-115. 

30. Dopolnenie k tekhnologicheskoi skheme 
razrabotki Gondyrevskogo mestorozhdeniia [Addition to 
the technological scheme for the development of the 
Gondyrevsky deposit]. Filial OOO “LUKOIL-Inzhiniring” 
“PermNIPIneft'” v gorode Permi. Perm', 2015,  
vol.1, 419 p. 

Библиографический список 

1. Халимов Э.М. Детальные геологические модели и 
трехмерное моделирование // Нефтегазовая технология. 
Теория и практика. – 2012. – Т. 7, № 3. – 17 с. 

2. Резванов Р.А., Смирнов О.А. Типизация 
коллекторов как средство повышения точности 
определения проницаемости // Нефтяное хозяйство. – 
2013. – № 2. – С. 42–45. 

3. Кошовкин И.Н., Белозеров В.Б. Отображение 
неоднородностей терригенных коллекторов при 
построении геологических моделей нефтяных 
месторождений // Известия Томского политехнического 
университета. – 2007. – Т. 310, № 2. – С. 26–32. 

4. Методика перехода от средней керновой прони-
цаемости к «истиной» / В.Н. Боганик, А.И. Медведев, 
А.Ю. Медведева, Н.А. Пестрикова, В.В. Пестов,  
В.А. Резниченко, В.Л. Ярметов // Технологии ТЭК. 
Нефть и капитал. –2005. – № 1. – С. 29–64. 

5. Методика отображения в цифровой геологической 
модели литолого-фациальных особенностей терриген-
ного коллектора / В.П. Мангазеев, В.Б. Белозеров,  
И.Н. Кошовкин, А.В. Рязанов // Нефтяное хозяйство. – 
2006. – № 5. – С. 66–70. 

6. Бобров С.Е., Евдощук А.А., Розбаева Г.Л. 
Повышение точности прогноза проницаемости на 
основе выделения классов коллекторов и их изучения 
в объеме пласта Hx-I Сузунского месторождения // 
Нефтяное хозяйство. – 2013. – № 2. – С. 46–49. 

7. Hovadik J.M., Larue D.K. Static characterization of 
reservoirs: refining the concepts of connectivity and 
continuity // Petroleum Geoscience. – 2007. – Vol. 13. –  
P. 195–211. DOI: 10.1144/1354-079305-697 

8. Дерюшев А.Б. О необходимости сопоставления 
геологических и гидродинамических характеристик 
залежей по данным трехмерного моделирования на 

примере продуктивного пласта Тл2-б Ножовского 
месторождения нефти // Вестник Пермского национального 
исследовательского политехнического университета. 
Геология. Нефтегазовое и горное дело. – 2014. – № 13. – 
С. 15–25. DOi: 10.15593/2224-9923/2014.13.2 

9. Davis J.C. Statistics and data analysis in geology. – 
3rd ed. – John Wiley & Sons, 2002. – 656 p. 

10. Вистелиус А.В. Основы математической 
геологии. – Л.: Недра, 1980. – 389 с. 

11. Девис Дж.С. Статистический анализ данных в 
геологии: в 2 кн. – М.: Недра, 1990. – Кн. 1. – 319 с. 

12. Девис Дж.С. Статистический анализ данных в 
геологии: в 2 кн. – М.: Недра, 1990. – Кн. 2. – 426 с. 

13. Афифи А.А., Эйзен С.П. Статистический 
анализ. Подход с использованием ЭВМ. – М.: Мир, 
1982. – 488 c. 

14. Лагутин М.Б. Наглядная математическая 
статистика: учеб. пособие. – М.: БИНОМ. Лаборатория 
знаний, 2007. – 472 с. 

15. Вероятность и математическая статистика: 
энциклопедия / под ред. Ю.В. Прохорова. – М.: 
Большая российская энциклопедия, 2003. – 912 с. 

16. Елисеева И.И., Юзбашев М.М. Общая теория 
статистики: учеб. / под ред. И.И. Елисеевой. – 4-е изд., 
перераб. и доп. – М.: Финансы и статистика,  
2002. – 480 с.  

17. Галкин В.И., Пономарева И.Н., Репина В.А. 
Исследование процесса нефтеизвлечения в 
коллекторах различного типа пустотности с 
использованием многомерного статистического 
анализа // Вестник Пермского национального 
исследовательского политехнического университета. 
Геология. Нефтегазовое и горное дело. – 2016. – Т. 15, 
№ 19. – С. 145–154. DOI: 10.15593/2224-9923/2016.19.5 



ISSN 2224-9923. Perm Journal of Petroleum and Mining Engineering. 2017. Vol.16, no.2. P.104-112 

ISSN 2224-9923. Вестник ПНИПУ. Геология. Нефтегазовое и горное дело. 2017. Т.16, №2. С.104–112 

112

18. Дрейпер Н., Смит Г. Прикладной 
регрессионный анализ. – М.: Вильямс, 2007. – 912 c. 

19. Айвазян С.А. Прикладная статистика и основы 
эконометрики. – М.: Юнити, 2001. – 432 c. 

20. Гмурман В.Е. Теория вероятностей и 
математическая статистика: учеб. пособие для вузов. – 
10-е изд., стереотип. – М.: Высшая школа, 2004. – 479 с.  

21. Общая теория статистики: учеб. / под ред.  
Р.А. Шмойловой. – 3-е изд., перераб. – М.: Финансы  
и статистика, 2002. – 560 с.  

22. Дементьев Л.Ф. Системные исследования 
в нефтегазопромысловой геологии: учеб. пособие 
для вузов. – М.: Недра, 1988. – 204 с 

23. Pang-Ning Tan, Michael Steinbach, Vipin Kumar. 
Introduction to data mining. – Boston: Pearson Addison 
Wesley, 2005. – 769 p. 

24. Afifi A., May S., Clark V.A. Practical 
multivariate analysis. – 5 ed. – Chapman and Hall/CRC, 
2011. – 537 p. 

25. Дементьев Л.Ф. Системные исследования 
в нефтегазопромысловой геологии: учеб. пособие для 
вузов. – М.: Недра, 1988. – 204 с. 

26. Справочник по математическим методам 
в геологии / Д.А. Родионов, Р.И. Коган, В.А. Голубева 
[и др.]. – М.: Недра, 1987. – 335 с. 

27. Оценка коэффициентов извлечения нефти для 
месторождений Пермского края на основе 
статистических моделей / С.В. Галкин, Т.Б. Поплау-
хина, А.В. Распопов, Г.П. Хижняк // Нефтяное 
хозяйство. – 2009. – № 4. – С. 38–39. 

28. Комплексирование исторических данных при 
обосновании пространственного распространения и 
фильтрационных свойств высокопроницаемых 
интервалов в разрезе пласов шеркалинской свиты 
Талинской площади / М.Н. Николаев, Е.В. Ермилов, 
Р.А. Гнилицкий, А.С. Сагайдачная, С.А. Кониенко // 
Нефтяное хозяйство. – 2013. – № 3. – С. 28–31. 

29. Поплыгин В.В., Галкин С.В. Прогнозная экспресс-
оценка показателей разработки нефтяных залежей // 
Нефтяное хозяйство. – 2011. – № 3. – С. 112–115. 

30. Дополнение к технологической схеме 
разработки Гондыревского месторождения / Филиал 
ООО «ЛУКОЙЛ-Инжиниринг» «ПермНИПИнефть» 
в г. Перми. – Пермь, 2015. – T. 1. – 419 с. 

 
 

Please cite this article in English as: 
Repina V.A. How to consider rock density in fluid flow model of oil fields during permeability modelling. Perm Journal of Petroleum 
and Mining Engineering, 2017, vol.16, no.2, рр.104-112. DOI: 10.15593/2224-9923/2017.2.1 
 
Просьба ссылаться на эту статью в русскоязычных источниках следующим образом: 
Репина В.А. Возможность учета плотности породы при моделировании проницаемости в геолого-гидродинамической модели 
нефтяных месторождений // Вестник Пермского национального исследовательского политехнического университета. Геология. 
Нефтегазовое и горное дело. – 2017. – Т.16, №2. – С. 104–112. DOI: 10.15593/2224-9923/2017.2.1  


